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z'} Data for Social Impact Initative

OBJECTIVE: To build connection and capacity among social sector organizations
working to increase impact for and with the communities they serve; to cultivate
collaborative and equitable data practices across government, philanthropy, nonprofits,
and impacted communities.
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& Chat Question:

How would you describe your
current attitude toward Al?

Anything from mostly excited to
cautiously interested to apocalyptic,
we want to hear it! Please put in the

chat.

Data for Social Impact | Social Policy Institute at Washington University in St. Louis



&= Asset-based approach

Refrain: Social sector organizations lag
behind the private sector in their
capacity to leverage Al to increase
impact.

Reframe: Social sector organizations are
positioned to lead in developing ethical
and equitable approaches to Al.

Data for Social Impact | Social Policy Institute at Washington University in St. Louis



& Agenda

Overview of Al in the social sector
* FEthical Al considerations/ frameworks

* One organization’s ethical Al journey

Sl L

* Al tool demonstration/ activity

* How does Al show up in your work?

How are you approaching the ethical
implications of these tools?

Data for Social Impact | Social Policy Institute at Washington University in St. Louis



&~ Poll Question:

How familiar are you with using Al?

1. luse Al regularly in my work or daily life.

2. | have a general understanding of Al,
but | don't use it often.

3. I've heard of Al, but | don't use it

4. I’'m not familiar with Al.

Data for Social Impact | Social Policy Institute at Washington University in St. Louis
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Who We Are

Project Evident harnesses the power of evidence for greater
impact.

We were founded eight years ago, fueled by constructive
dissatisfaction with the way evaluation was conducted in the social
sector and the ambition to make data and evidence work in favor of
practitioners and those they serve.
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AI GENERATIVE AI

: S i
Capability of a computer system to mimic human cognitive functions Capability of a
such as learning and problem-solving functions computer system to

create convincing or
pleasing imagery,
compelling text, or
coherent audio outputs
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What is the
Al
Opportunity?

PROJECT
EVIDENT

Al has the ability to accelerate equitable
outcomes by:

o Supporting automation and reduction of
repetitive tasks to free up time for higher value
activities

o Reducing decision making complexity

o Powering R&D to support learning, innovation
and improvement
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How are practitioners using Al to fuel outcomes?

/
PREDICTIVE

ANALYTICS

Lower the risk a
child has after
discharge from their
long-term
psychiatric care,
92% patients had a
reduced acuity
score.
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RECOMMENDATION NATURAL
ENGINES LANGUAGE
Increase family PROCESSING
income to meet Increase connection
basic needs, between families
connected 1.2 and teachers
million people to a across language
public benefit. barriers, 15%

decline in
absenteeism
@ WorkMoney .‘
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/
GENERATIVE AI

How to efficiently
and effectively train
~9.5K volunteers
crisis counselor and
build their
confidence to
reduce churn
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How can social sector organizations incorporate
Al?

Tools provisioned by the organization for

discovery, insight, fundraising, impact assessment,
MISSION ATTAINMENT predictive analysis.

Tools provisioned by the organization to save time,
predict accurately, and improve operational
efficiency.

ORGANIZATIONAL
EFFICIENCY

Staff/stakeholder use of publicly available Al tools
that are not provisioned by the organization.

' TECHNOLOGY
Developed in partnership with the Technology Association of Grantmakers (TAG) . ASSOCIATION o

GRANTMAKERS



Responsible AI Adoption

Ethical
Considerations

Organizational
Considerations

Responsibility Awareness &
& Acceptoble Usage Engagement

RESPONSIBLE
Privocy, Bios Al ADOPTION
gl N PHILANTHROPY

Implementation,
Oversight,
Adaptation

Technical
Considerations

Developed in partnership with the Technology Association of Grantmakers (TAG)

PROJECT
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Download the Framework

RESPONSIBLE Al ADOPTION
IN PHILANTHROPY

An Initial Framework for Grantmakers
Yersion 1 Published on December 6, 2023
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http://projectevident.org/resources

—thical Al

Rachel Wells
Dec 10, 2024
DSI @ WUSTL
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L} 1
I—l al | U CI n at I O n Plausible-looking responses which are factually incorrect

Model surfacing bias and prejudice as found on the internet;

L}
3 I aS tools being inaccessible or not inclusive across languages
and other human differences, increasing inequity

Tra NS p aréen Cy Commercial models are usually closed access

Data leakage (private data shared by LLM exposed),

I\/l I S u S e deep fakes (modification of real content to deceive),

or prompt injection (model exploitation/ jailbreak)

Environmental impact, worker exploitation, and

D eve | O p m e nt intellectual infringement (resulting in plagiarism)

involved in model training

DataKind



Targeting Safer Solutions

Using an LLM to predict technical — Using an LLM as part of search and Asking an LLM questions where the
metadata on data provided summarizing ONLY data provided answers are from its training data

Low Risk High Risk

TLLM’ is Large Language Model for example GPT-4, ChatGPT, Llama 2 DataKl nd



10 Rules of Thumlb for Risk Mitigation

—

Purpose: Clearly define the goals and intended use of Al-generated media, whether for internal or external use.
Standardization: Prefer standardized Al tools to safeguard data and privacy

Account Setup: Avoid using organizational credentials with public Al tools to prevent privacy issues

Prompt Engineering: Employ effective prompting techniques for clear, precise communication of expected outcomes.
Confidentiality: Never share sensitive information with Al tools without authorization, regardless of sensitivity.
Synthetic Media Guidelines: Follow established synthetic media guidelines, such as those by the Partnership on Al
Contextual Sensitivity: Ensure Al media is contextually appropriate and non-manipulative

Bias Avoidance: Ensure no biases (gender, racial, ethnic) are present

Transparency: Disclose the use of Al tools, the processes involved, and cite sources appropriately

2.
s
4.
S.
6.
7.
8.
<l
0.
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Fact Checking: Verify the accuracy of Al-generated content

See Generative Al for Humanitarians UN OCHA 2023


https://reliefweb.int/report/world/generative-ai-humanitarians-september-2023

Area(s) of risk

Sample mitigation approach(es)

Hallucination, information loss, errors

Limit data sources, always include references, automated validation
techniques, human-in-the-loop fact checking reviews, etc.

Data leakage

Data security systems, select a tool that protects privacy

Misuse, model exploitation, prompt injection
(Jailbreak)

Setup model safety guardrails and build in accountability with
observability, monitoring, red teaming, etc.

Intellectual infringement

Only present content which adheres to usage rights

Bias

Test for equity and inclusivity for historically disadvantaged
communities

Transparency

Select a constrained use case for clarity into how it’s working

Inaccessibility (language, internet access,
etc.)

Inclusion of translation checks, create accommodations to increase
accessibility, etc.

Carbon footprint/climate change

Minimize computing power used & conduct cost benefit analysis

Worker exploitation

Ethical working standards

DataKind




Define
your Al
problem
statement

Risk

Select the use
case here

Impact

High Impact

Low Risk

Low Impact

High Risk

DataKind



Community informed priority data pain points

Actors across the humanitarian community raised similar data challenges hindering effective
response & coordination - for which a taxonomy was developed

% of pain points in |% of pain points in InterOPerabi"ty - Iinking
Pain point interviews, survey & |Al research datasets together and

human lit review synthesis bu”ding data models
Data Harmonization - Interoperability <

Data literacy and

Data Skills and Capacity - Data Literacy and awareness _

Data Discovery - Sharing 6% 3% awareness - finding and
Data Availability - Disaggregation 6% 2% knowing how to use data
Data Availability - Timeliness 5% 3% _ effeotively

Security and Privacy - Security and permissions 3% 0%

Security and Privacy - Data damage 3% 2%

Data Availability - Completeness 3% 2%

Quality and Accuracy - Consistency 2% 1%

Ethical Challenges - Misuse and distortion 2% 1%

Data Discovery - Search 2% 0%

Data Discovery - Overwhelming amount of data 2% 2%

Dat@iingd



Humaﬂltarlaﬂ Al ASSIStaﬂt (and Data Recipes Al)

12

Goal

Making usable and useful data analysis
possible, with lower barriers to access for '
non-technical users to discover, explore

and ask questions of humanitarian ) ) i ’ ’

datasets, so that humanitarians and
front-line responders can act with i ana e s
data-informed responses and A AN I 5 ey S R

organizations can steward data resources i B

more effectively to producing timely and me :

actionable information. o e

Wadi Fira region.

Do

Plot a map showing food security population in IPC Phase 3 in Chad

Dat@iingd



Design principles

Transparent

Any data analytics produced must be
easily reviewed and all results should
include clear attribution

Accessible

Any organization should be able to
deploy internally, irrespective of their
infrastructure

. &

&,
Wy

Community focused
Solutions should be well positioned for
community contribution

Safe

Until the technology advances
sufficiently, any LLM generated output
needs review by a human

LLM-assisted, not LLM-first
Solutions should provide benefits to the
humanitarian sector even if the LLM
component isn’t used



Student advisors
are assigned more
students than they

gﬁg ppg?tactively ﬁ (ﬁ{ @

Data-assisted advising ﬁ
helps advisors use their
limited time to more

efficiently identify and ﬂ {ﬁ
reach out to those most in /ﬁ‘

need of help ﬁ @

DataKind



Student advisors
have many
Interventions they
can implement

Data assisted advising
helps advisors identify and
build plans for the
interventions that fit best
for the student

Financial aid Academic support Building connections
support and program planning to trusted resources

8EI Targeted planning
=] 8 conversations

T

8

M students in need

Qutreach to

of support

Generate insights
on potential areas
for support o | J

DataKind



Adopting data-assisted academic advising

e DataKind has implemented student
success tools since 2017 to enable
data-assisted advising

e Using our tools, John Jay College has
reported a 30% Iincrease in senior
graduation rates in two years, as featured
in the NYTimes

e We are philanthropy supported to
bring this solution to implementation
at additional institutions, at no
institutional cost

Photo by Jacob Lund Photography from Noun Project DataKind


https://www.nytimes.com/2023/09/20/nyregion/ai-john-jay-college.html

DataKind’s product principles

Transparent: Our features and models will be openly
shared, so you can know exactly what variables are leading
to identifying those student most at risk of non graduation.

Dedicated to bias reduction: \We'll use bias-reducing
techniques and regularly review our implementations for
fairness and equity.

Humans in the loop by design: Our interventions are
designed to be additive to the student experience, and all
algorithms are implemented through human actors
(advisors).

%
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Optimizing service delivery to promote dignity, health and sustainable
livelihoods in Haiti
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DataKind & SOIL
route optimization
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How can my organization get started with
using Al for a positive social impact?

Baseline learning

Turn values to policy

Evaluate
opportunities

Set up tools & tech

to integrate

Assess the current
knowledge of GenAl,
data maturity, and
technical literacy for
different application
approaches.

Define learning paths
and risks based on the
current situation.

Build your foundation
with standard operating
procedures and/or

policy.

|dentity clear guardrails
for your organization in
alignment with your
values.

Consider challenges,
constraints, and
guardrails for risk
mitigation for any
possible use cases.

|dentify and prioritize
relevant use cases to
define a “vision” and to
find focus.

Use tools developed by
others or integrated into
your existing systems

(ChatGPT, Copilot, etc.)

Develop and integrate
into your own tools, if
your organization has
the capacity and literacy
for ethical application.

DataKind



atakKind raybook

% Read the best tips & lessons learned in the DataKind Playbook for
social impact professionals (datakind.github.io)
+  Getting started with Data Engineering
+  GenAl: Getting started, use case selection & risk assessment,
setting up tools, and more
+ Data project stages and best practices and processes for each
+ Data project scoping

_ Watch the recordings from our Nonprofit Data 101 webinar series introducing
\I O n p rOﬂ various data science topics to nonprofit practitioners in our youtube playlist
Non-data stakeholder engagement

+ Data project scoping
D a't a /I O /I GenAl: the tech, opportunities, and risks
= e ML, Al, Oh My!
DataKind DataKind

A year of GenAl learning

+ 4+ 4+ +


https://www.youtube.com/watch?v=7BKlfhiQC1o&list=PLatLcguzOb4HALE61UGWZaTwWzmD_k5xE
https://datakind.github.io/
https://datakind.github.io/social-impact/engineering/
https://datakind.github.io/social-impact/genai/
https://datakind.github.io/project-stages/discovery/
https://datakind.github.io/social-impact/scoping/

More ways to
get involved with

DataKind

Subscribe to our newsletter to stay up-to-date:

www.datakind.org/subscribe

Connect with us directly at
community@datakind.org

DataKind


http://www.datakind.org/subscribe

DataKind



GROUNDED
SOLUTIONS

strong communities
from the ground up

Through its member network and partnerships, GSN exponentially
transforms the lasting affordability housing sector in the US.

It does this by preserving, producing and sustaining housing with a
specific focus on BIPOC, under-invested in and marginalized
communities.




Our Generative Al Journey




A simple ask (Sep ‘23)

| need some help cutting down
time between meetings and
capturing notes and action items.

Can | use this Al thing?



Research
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privacy policy

privacy concerns

23 r/privacy « 21 days ago
‘' UnitedSorbet127

é
Warning: Al Company

discussion
| need to share a concerning experience with

n Feeling Lucky

violates privacy rights

During a video conference, they recorded and transcribed our

conversation without my consent. Despite my requests, they refuse to delete it.

reminder that cloua transcription isn’t
completely private

/ A reminder of the tradeoffs for
ease and simplicity

By Mitchell Clark
Feb 16, 2022, 8:04 PM EST

If you uplood dota To @ service. you con't count on I staying private. & T w
Illustration by Alex Castre / The Verge






Consulted an expert

Brainstorm edge cases
for a function with birthdate asi

Explain airplane turbulence

to someone who has never flown 1

Message ChatGPT...

Draft me a policy for our non-profit organization around the ethical
use of Al tools.

Include restrictions on using any free Al tools to only generic
prompts, protecting any proprietary information or data.

Include ethical considerations around racial bias.

Ensure that there is a human element to each process workflow
and make a suggestion on how we can do that.

Also include guidance on how we should lean more towards hiring
talented creative contractors over using subscription based services
for things like video creation, voice overs, and others in this
category.




Drafted Al Guidelines (Nov ‘23)

* Ethical Considerations - Racial and other Biases
Restrictions and Allowances of Al Tools

O Note-taking Tool

o Proofreading Tool
Human Element
Talent Over Subscription Services
Augmentation, Not Replacement

*

~ R
Ongoing Training THE MACHINES ARE-TAKING

\

. ' \OVER
Data Privacy QVFS

Continuous Improvement

* % % % %



Planning a Systematic
Approach to Onboarding




Introducing DataKind Learning Circles



Crossing back over to work

3. In what ways would you like to explore using Chat GPT and/or other Al Tools at work?

Information Search - better and more

e contextual way to find information online d

® Reading a paper - used chatpdf or 10 .
something similar to read a POF and ask it...

® Write Something - asked it to write a 11 .
paragraph or longer in a specific tone/voic...

® Proofreading - analyzed text | prepared for 14 |

proofreading and grammatical errors

® ;lﬂl:e Taking - used 3 "bot" to take notes 11 /"

uring a meeting

® Speech Coaching - used MS Teams or others 5 L
to analyze my body language during... T

® Excel/Data Assistant - used an external tocl 3
to analyze a data sheet for insights or creat... ]
Excel/Coding Assistant - used an external

® . 4]

. tool to analyze my actions and develop... I
Ca l.ll n g a ll use Cases ® Audio/Video Editing - used an external tool 5

to edit videos - identify/eliminate pauses.... ]

® Audio/Video Creation - used an external 5
tool to create videos from prompts I
Photo Editing/Creation - used an external

® i - i 2 ——
tool like Dall-E to create/edit photos

@ Other 4

=
i
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Crossing back over to work

3. In what ways would you like to explore using Chat GPT and/or other Al Tools at work?

Information Search - better and more g O
Reading a paper - used chatpdf or 10

something similar to read a POF and ask it...

Write Something - asked it to write a 11

paragraph or longer in a specific tone/voic...

Proofreading - analyzed text | prepared for 14

proofreading and grammatical errors

Mote Taking - used 3 "bot" to take notes 11

during 3 meeting
Speech Coaching - used MS Teams or others

Excel/Data Assistant - used an external tocl
to analyze a data sheet for insights or creat...
Excel/Coding Assistant - used an external

tool to analyze my actions and develop...

Calling all use cases

to edit videos - identify/eliminate pauses.... ]
Audio/Video Creation - used an external 5

tool to create videos from prompts I

Photo Editing/Creation - used an external

tool like Dall-E to create/edit photos ]

Other 4

=
Ln
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Taking the Next Step

Tier 1: GenAl Products: Pre-defined Augmentation Tier 2: GenAl Chat GPT Assistance: Co-Pilots Tier 3-A: Predictive Modeling & Machine Learning

Al Assistants . Machine Lgarning .
Meeting Notes Video / Excel Statistical Regress'|c'>ns / Analysis
Taking Graphics Coding Trend Ide.nt'lflcatlon
Summaries Content Design Predictions
Action Steps Editing
Tier 3-B: Chatbots and Conversational Knowledge Search
Proofreading Cyber Security
Summarizing Defense Coding / Formula
Commonizing vulnerabilities Python
Langugge and Ransomvyare Excel Chatbots / Search
Writing protection Salesforce Research & Knowledge
repositories

Help Desk Support
Employee Manual & Policies




Humans in the Approach

Novice Prompter Model Trainer

o Any staff with little to no Staff with higher level awareness Organization-wide projects with
g experience with prompting and more technical use cases Lead

. Internal training to use pre- Basic prompt training alongside Project scope technical

2 defined tools with specific use coaching, mentoring, and infrastructure and business

£ cases workgroup participation analysis of process changes

Tier 3-A: Predictive Modeling & Machine Learning

Tier 1: GenAl Products: Pre-defined Augmentation Tier 2: GenAl Chat GPT Assistance: Co-Pilots

Tier 3-B: Chatbots and Conversational Knowledge Search




Implementation Steps

Tier 1: GenAl Products: Pre-defined Augmentation

Inquiry

Inquiries can come
from anywhere - staff,
managers, tech
discovery, etc.

Assess and identify the
specific use case to
prepare for Research &
Discovery

Research &
Discovery

Privacy: Any security or
privacy incidents? Data
breaches or improper
data usage?

Implementation: How
will people react
internally and
externally when
implemented?

Alternatives: Are there
similar apps that are a
better fit? Is the cost
feasible — single use or
organization-wide?

Acceptance and
Endorsement

Rapidly determine
approve go or no go
and discuss alternatives
if a no go.

Assess timeline and
organization-wide
feasibility.

Initial
Configuration

Partner with an initial
set of users to configure
key aspects of the tool:
Common Language,
Basic Training,
Branding, and
Notifications.

Contiguous
Configuration

Review initial
configuration for any
updates/changes after
3 months of usage

Review renewal
potential after 9
months




Implementation Steps

Tier 2: GenAl Chat GPT Assistance: Co-Pilots

Inquiries can come
from anywhere.
Include an
assessment to tailor
training plan.

Standard training
with an external
partner scheduled
and completed

Licenses and access
deployed upon
completion of

training, schedule
coaching sessions

Workgroup

Users will be
enrolled in
workgroup,

meeting quarterly
at a minimum, to
share best practices




Implementation Steps

Machine Learning Chatbots / Search
Statistical Regressions / Research & Knowledge
Analysis repositories

Trend Identification Help Desk Support
Predictions Employee Manual & Policies

Objectives
* Develop talent (increase LLM usage including MS Co-Pilot and industry-specific
LLM’s on ChatGPT)
* Develop infrastructure (transition document storage to Sharepoint / OneDrive)

* Plan Internal Roll-outs as MVPs in 2025 with funding partners



Revisiting Guidelines After a Year

*

* % % % %

Ethical Considerations - Racial and other Biases
Restrictions and Allowances of Al Tools
O Note-taking Tool
o Proofreading Tool
Human Element
Talent Over Subscription Services
Augmentation, Not Replacement
Ongoing Training (use case exploration)
Data Privacy
Continuous Improvement



2024 Uses of Al Tools

A=

Prompt Training using pre-trained

Ready Permit Al: Permit Planning & Zonii Salesforce Sidekick , .
oy e @ LLM’s on ChatGPT for specific
Freemium zoning and permit platform for ADUs, modular homes, Personal assistant for Salesferce configuration, coding, troubleshooting, .
rentals, and professional projects. solutioning, proposal writing, and more. This is not an official Salesforce b u S I n eSS S e Ct O rS

product or service.

Note Taking “Bots” with
Qualitative data analysis software

Salesforce Accelerator

gents for Im
Seeking opportunities to partner

with Non-profit Al Accelerators




Prompting — Chat GPT vs Trained LLM

Hi, what can you help me with

< 22 >

. Hi there! I'm here to streamline your zoning and permit needs, whether you're working on an ADU,

modular home, rental property, or larger development project. Here's how | can assist you:

Core Services:

1. Zoning Information: Get insights about zoning laws and property use based on your project

location.
2. Site Plans: Generate instant site plans tailored to your project specifications.
3. Permit Applications: Submit permits quickly with automated compliance checks.
4. Predictive Analysis: Assess the likelihood of permit approval and identify potential risks.
5. Compliance Alerts: Stay updated on local regulations to avoid delays or rejections.

6. Real-Time Updates: Track your project and permit status at every stage.

Additional Features:
* Express Processing: Speed up your applications.
¢ Plan Formatting: Ensure your documents meet submission standards.
e Expert Consulting: Get professional advice tailored to your project.

¢ Bundles for Developers and Investors: S¢ ¢ time and money with curated service packages.

Prompting Basics:

First question: What can you do for
me?

Ask your question and refine in
conversation to get your
Information

Mask data if you submit a data set



Prompting — Chat GPT vs Trained LLM

| would like to build a manufactured home in Cleveland, OH in my
backyard. What zoning do requirements | need to worry about?

IP Memory updated

For building a manufactured home in your backyard in Cleveland, OH, you'll need to check local
zoning regulations, which may have specific rules regarding secondary or accessory dwelling units

(ADUs). Here are some key requirements to consider:

1. Zoning District Compatibility: Verify whether your property’s zoning district permits ADUs. Not

all residential zones allow additional structures like manufactured homes, and restrictions often
vary.

2. Permit Requirements: Cleveland requires permits for most building projects, including

manufactured homes. You'll likely need to apply for both a zoning permit and a building permit.

3. Lot Size and Setbacks: Many areas require a minimum lot size and specific setbacks (distance
from property lines). You'll need to check these setback requirements to see if your backyard

can accommodate the structure.

1 would like to build a manufactured home in Cleveland, OH in my
backyard. What zoning do requirements | need to worry about?

Building a manufactured home in your backyard in Cleveland, OH, involves understanding specific
zoning requirements, as the city regulates where manufactured homes (also known as mobile or
meodular homes) can be placed and how they should meet local standards. Here's a general

breakdown of the key requirements and considerations:

1. Zoning Districts

e  First, confirm your property’s zoning district by checking with Cleveland's Planning Department

or accessing zoning maps through the city's online resources.

e In Cleveland, manufactured homes are typically allowed in certain residential districts but may
not be permitted in all residential zones, especially for accessory use (like placing it in a
backyard).

e Common residential zones that might allow manufactured housing include R-1 (Single-Family

Residential) or R-2 (Two-Family Residential) with additional restrictions.

2. Accessory Dwelling Unit (ADU) Regulations

e Cleveland recently began permitting Accessory Dwelling Units (ADUs) in some areas, which
allows secondary living structures on a property. However, a manufactured home may not

qualify as an ADU if it does not meet the city's building standards for ADUs.



Drilling Down

what are your sources?

| based this information on common zoning requirements and regulations for ADUs and

manufactured homes, as well as general guidance from zoning and city planning practices in Ohio

and similar municipalities. For specific details and confirmation of the requirements in Cleveland, |

recommend contacting the Cleveland City Planning Commission or checking Cleveland's official ¢ what are your sources for this information?

zoning codes on their website.

For zoning and manufactured housing regulations in Cleveland, OH, | used general zoning principles
applicable in many U.S. cities and tailored these to Cleveland's known zoning practices. Here are the

specific sources and typical resources | would recommend for precise and official information:

1. City of Cleveland’s Zoning Code: Cleveland’s Zoning Code is accessible through the city's
planning or building department website. It provides detailed information on district
classifications, permitted uses, and specific requirements for accessory structures, ADUs, and
manufactured housing. The zoning map is also available online to help identify property zoning

classifications.

2. Ohio Building Codes and HUD Standards: Chio has statewide building codes for modular and
manufactured homes. Manufactured homes in residential zones must meet federal HUD
standards, while modular homes are often subject to local building codes if considered “site-

built.”



Masking Data

D a ta Set: Affo rd a b le p rO p e rti eS We OW n Thank you for providing the data! | will process this and calculate the maximum ADU size for each

property based on Minneapolis regulations, preserving your property IDs. Here's how I'll calculate it:

1. Minneapolis ADU Rules:

) Re m Ove PI I B Ad d resses s Maximum size: 800 sq. ft. or 50% of the primary dwelling size, whichever is smaller.
* CO d Ed P ro p e rty I DS s [|'ll ensure that no ADU exceeds these limits.
e Include only relevant information 2. Output

s A table showing the Property ID, Lot Size, Home Size, and the Maximum ADU Size.
Let me quickly compute the results and organize them for you. Hold on a moment!

i'm just going t ste it h . . . . . .
'm Just going to copy/paste It here Here is the processed data with the Maximum ADU Size calculated based on Minneapolis

regulations:
. . . .
. Got it! Please paste the data here, and I'll process it for you. Make sure to include the relevant Property ID Lot Size (Sq. Ft) Home Saxe (55, FL} Max ADU Size (Sq. Ft)
columns (property IDs, lot sizes, and home square footage). I'll keep everything crganized and retun
Al 14813 1233 616
the results promptly. @
A2 12197 1340 &70
A3 9240 1344 672
Subject Lot Size  Sq Ft Ad 6999 1935 800

14813 5q.Ft. A1 1233
12197 S5q.Ft. A2 1340
9240 Sq.Ft. A3 1344
6999 Sq.Ft. A4 1935



&~ Activity: NotebookLM

Explore NotebookLM by uploading your
website link(s) and giving it prompts to
arrange the information in a variety of
ways.

How might this tool be useful in your
work?

What kinds of guidelines would you
consider in how you approach the tool
and the results it provides?

Data for Social Impact | Social Policy Institute at Washington University in St. Louis


https://notebooklm.google/

® . .
> Discussion

Think about Al in relation to your work.

What Al tools are you using/
considering?

What kinds of guidelines have you set
up or considered in how you approach
them?

Data for Social Impact | Social Policy Institute at Washington University in St. Louis



> We want to hear from you!

Please see link in the chat or use this QR code to access
so that you can respond after the event.

Data for Social Impact | Social Policy Institute at Washington University in St. Louis



z'} Ways to Stay Eingaged

* Take the conversation back to your
organization!

* Complete our post-event survey

* Sign up for our free online DSI course

Data for Social Impact | Social Policy Institute at Washington University in St. Louis
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